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Abstract: We propose a scheme for selecting stocks related to a theme. This scheme was designed

to support fund managers who are building themed mutual funds. Our scheme is a type of natural

language processing method and based on words extracted according to their similarity to a theme

using word2vec and our unique similarity based on co-occurrence in company information. We

used data including investor relations and official websites as company information data. We also

conducted several other experiments, including hyperparameter tuning, in our scheme.
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100, top-200, top-500, top-1000, top-2000

e Hyperparameter2: top-5, top-10, top-20, top-
50, top-100, top-200, top-500, top-1000

AT -2 e LTiE, IEE), BRI, lary b,
[ BHEH, TDH5, [BE], FR], MK
DEDENAN=NTRA—=R—DF 2a—=V 7 IZHH
L, Boo—>20 Tary bl ZMEEHE A #H L
2. e Ry b 2RI U 72 B, ST
DFEEBET, HEMVWERZIBLTWERLLTHS.
NANR=NRFGA =R —=DF 2a—= Vv TIHz>TlE
#%@Ebubéw%vékﬁﬁﬂ%?éztuXﬁ
BETHY, Lo [BX] OEEE2ZMHALRITN
ﬁ&amm ZIZT, AREBRIZBWTIE, FliIZk3



Fa—=VZERATAZIE L. MBRELT, &
FAUNANR=RF A=K =Ly MIBEERDO T — X
Y — ADPRERELE D A, hyperparameterl 3 top-500,
hyperparameter2 3 top-50 & 7 > 7z.

5.2 TANT—% TOMRELE

Wi CEDINANR=NRFT A= —=2FHL, FE-
TW5—20 laRy b OFiHT—XZ2HHL T
MERERHI 21772 o 7. HiRE LT, ¥l He LTk
WEOAZMEHL, TaRy M EWIHEEZZNTN
OEEBRICEMBEEZ T ThRELMETE L
WO EERETR o7, #ERIIES, 4, 5OWBHTH 5.

%3 TakRy b OFMHT—ReFa—=rI7HED
NAIN=NFT A =R =AU -5EDREFIEDRE
B9 2R TS

B JERDESAR

E3pEE 74 48 34
JERIE A HH 9 9

HMET—4IcBNT

SRERIER

F 4 LEFHERE U THREEFEOAZMALT, TRy
h WS HEERZ ZNFNOAEBRICHEMBE 2T
52 THEEAMMT LSS ORI T BIRAETH]

(HeE )
HEET—YICcBWNT
BB JERIESNT
L 9 5
RBER  sepmmenim | 48 38

x5 TAMIT—~ TaRy b L85, REF
15 & R TF1L D Precision, Recall, F1, Accuracy.
PRI RE U TREEEOAZMALT, 1
Ry b WS HEEE ZNENOREERICBMIES
YL TRELZMETLIEVS FHETHS.

Precision Recall F1 Acc.

0.5854 0.8421 0.6906 0.5700
0.6429 0.1579  0.2535 0.4700

RRETIE
Jid (SRR

£S5 E2RNTHASHTH D, 3L 4%2HRB L,
W FIRIC AT, £ 0% OB ZEBESHE LT
i LT\ 728, Precision 2MERLTW3., —JT,
JEBIFIZ Recall A ELTEHE D, ZDFER, Fl Bk
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LTWwa, £/, BMREROEMEX %22 Accuracy
A LELTED, REFEFRVERZELTWSZ
Ehbnrd

6 ER

AL, T— < BEEBH O & XTS5 AT
LK E HEIZ U725 D TH->7-. [Hirano 19¢] Tx
LTWa2Y, Zhlx, REOHE77 >V Nvr—Yvr—
ZESTHEHLUWEIEDR AT THoT-. TDI-H, %
EZHIMHT — X R ENZITIELVDD, WD K
IZDOWTIREDDEMM»ES. L, £52H51
D TIE, EANRFEEZMHALUZBEBEFELD ZRV
FEREZBLTED, REFEO—EDEMEN RSN
7meEZOND.

SRIOFERIICET T RS5O TF—XIF%L
TH, PRERFREITEAATHD LW OHRITL-
TWa. LrLEDS, ¥V 7V NOT—%%
FALUZEBEICE, —DOHRETHIETE 2 BEHRD
%L\:E%é’m‘o’clﬂé. Z i, ﬁ%ﬁﬁ%?‘:“b‘f‘f:

, RETLTYA MRS DOT— R b 255121,
b&mﬁ@%éﬁ&@&%ﬁ%?é af,mﬁ&%

R A L CWi2— T, WREEELD 2 e
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DRKEE R T 200 2R LR ITNIER S0,
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BN TEB L RFRE IR VW EEZONS.
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W5 EEBEIE LR, £z, BiET—<
BB EREICERAL, ERAZITOBRICE, F—F7 %
VAEHZTEZZLITR5DT, AU &S kML
BT AHMIEN 0 ZMAALGZ EIFEF LRV, £
NI, HIZMEEE 7SI TlERL, &5 hFHEE
TFRoTWARERLFFIZEDAAZ 1, HE2L
T, AU &S Rtk E) %5 S Z 3 rlaetk 2 M T
Wb, ZD7-8, MiEEHMEERE RS AL
720, RZPMUT B LT, BAREBEIZS £<5#
HATEAEDICTHMORBREDRBETHDLE
Z5.

BT
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